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Informationsextraktion
Bestimmte Anwendungen bei der semantischen Verarbeitung
erfordern keine tiefe linguistische Analyse mit exakter
Disambiguierung (= eine einzige und korrekte Lesart).
Hierzu gehört die Informationsextraktion, die durch folgende
Eigenschaften gekennzeichnet werden kann:

• es können Muster für semantisch interessante
Information definiert werden

• es muss keine vollständige semantische
Repräsentation für Texte erstellt werden.

Beispiel:
Eine Aufgabe der MUC-5 (1993) bestand in der Heraus-
filterung von Information aus Texten über joint ventures.

Bridgestone Sports Co. Said Friday it has set
up a joint venture in Taiwan with a local
concern and a Japanese trading house to produce
golf clubs to be shipped to Japan.

The joint venture, Bridgestone Sports Taiwan
Co., capitalizes at 20 million new Taiwan
dollars, will start production in January 1990
with production of 20,000 iron and „metal wood“
clubs a month.

Abb. 15.7 zeigt das Ergebnis des FASTUS Systems.
Abb. 15.8 zeigt die kaskadierte Architektur dieses Systems.
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TIE-UP-1:
Relationship: TIE-UP

Entities: “Bridgestone Sports Co.“

“a local concern”

“a Japanese trading house”

Joint Venture Company “Bridgestone Sports Taiwan Co.”

Activity ACTIVITY-1

Amount NT$20000000

ACTIVITY-1:
Company “Bridgestone Sports Taiwan Co.”

Product “iron and “metal wood” clubs”

Start Date DURING: January 1990

Figure 15.7     The templates produced by the FASTUS (Hobbs et al., 1997) information
extraction engine given the input text on page 579

Input text:

Bridgestone Sports Co. said Friday it has set up a joint venture in Taiwan
with a local concern and a Japanese trading house to produce golf clubs to
be shipped to Japan.

The joint venture, Bridgestone Sports Taiwan Co., capitalized at 20 million
new Taiwan dollars, will start production in January 1990 with production
of 20,000 iron and “metal wood” clubs a month.
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No. Step Description
1 Tokens: Transfer an input stream of characters into a

token sequence.

2 Complex Words: Recognize multi-word phrases, numbers, and

proper names.

3 Basic phrases: Segment sentences into noun groups, verb groups,

and particles.

4 Complex phrases: Identify complex noun groups and complex verb

groups.

5 Semantic Patterns: Identify semantic entities and events and insert

into templates.

6 Merging: Merge references to the same entity or events from

different parts of the text.

Figure 15.8     Levels of processing in FASTUS (Hobbs et al., 1997). Each level extracts a

specific type of information which is then passed on to the next higher level.
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Company Bridgestone Sports Co.

Verb Group said

Noun Group Friday

Noun Group it

Verb Group had set up

Noun Group a joint venture

Preposition in

Location Taiwan

Preposition with

Noun Group a local concern

Conjunction and

Noun Group a Japanese trading house

Verb Group to produce

Noun Group golf clubs

Verb Group to be shipped

Preposition to

Location Japan

Figure 15.9     The output of Stage 2 of the FASTUS basic-phrase extractor, which uses

finite-state rules of the sort described by Appelt and Israel (1997) and shown on page

390.
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(1) Relationship:

      Entities:

TIE-UP

“Bridgestone Sports Co.”

“a local concern”

“a Japanese trading house”

(2) Activity

      Product

PRODUCTION

“golf clubs”

(3) Relationship:

      Joint Venture Company

      Amount

TIE-UP

“Bridgestone Sports Taiwan Co.”

NT$20000000

(4) Activity

      Company

      Start Date

PRODUCTION

“Bridgestone Sports Taiwan Co.”

DURING: January 1990

(5) Activity

      Product

PRODUCTION

“iron and “metal wood” clubs”

Figure 15.10     The five partial templates produced by Stage 5 of the FASTUS system.

These templates will be merged by the Stage 6 merging algorithm to produce the final

template shown in Figure 15.7 on page 579.
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Realisiert sind solche Systeme oft durch endliche Automaten,
wie etwa dem zur Erkennung von Organisationen:

Performer-Org  (pre-location) Performer-Noun+

Perf-Org-Suffix

pre-location  locname | nationality

locname  city | region

Perf-Org-Suffix  orchestra, company

Performer-Noun  Canadian, American, Mexican

city  San Francisco, London

Hierdurch können beispielsweise die Organisationsnamen
San Francisco Symphony Orchestra oder Canadian Opera
Company erkannt werden.

Es wird keine vollständige syntaktische Analyse
durchgeführt, sondern eine domänenabhängige
Phrasenerkennung (s. Abb. 15.9).
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Die Zuordnung dieser ‚shallow syntax’ in entsprechende
semantische Muster wird dann durch reguläre Ausdrücke
erreicht, wie z.B.:

NG(Company/ies) VG(Set-up) NG(Joint-Venture) with

NG(Company/ies)

VG(Produce) NG(Product)

(für den ersten Satz des Beispielstexts)

NG(Company) VG-Passive(Capitalized) at

NG(Currency)

NG(Company) VG(Start) NG(Activity) in/on NG(Date)

(für den zweiten Satz des Beispielstexts)

Hierdurch wird das Schema in Abb. 15.10 instanziiert.

Informationsextraktion hat viel mit Information Retrieval zu
tun. Insbesondere werden die Bewertungskriterien Recall,
Precision und F-Measure übernommen (s. nächste Seite).
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